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Abstract 
The need for detailed subsurface information is increasing due to city 
expansion and infill projects as well as subsurface construction projects. 
One common method for acquiring this geo-information is the direct 
current resistivity and time domain induced polarization method (DCIP) 
that measures the electrical resistivity and chargeability of the subsurface. 
The work presented in this thesis demonstrates that the usefulness of the 
DCIP method can be improved. Field time and cost efficiency is increased 
by means of waveform optimization and investigations of the effect of 
different current pulse on-time duration. Furthermore, post processing 
efficiency is increased as a result of improved data quality and reliability. 
Additionally, the available spectral information from DCIP surveys is 
substantially increased by enabling extraction of the IP response closer to 
the pulse than was previously possible. In combination with more 
accurate removal of background drift potential, which improves data 
quality at late times, the spectral information is further increased. In 
total, these optimizations increase the usefulness of the resistivity and 
(spectral) time domain induced polarization method and can hopefully 
contribute to spreading and intensifying its use for acquiring qualified 
subsurface information. 
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1 Introduction 
The need for detailed information of the subsurface is increasing due to 
city expansion and infill projects as well as subsurface construction 
projects (e.g. tunnelling). One common method for acquiring this geo-
information is the direct current resistivity and time domain induced 
polarization method (DCIP) which measures the electrical resistivity and 
chargeability of the subsurface (Dahlin, 2001; Loke et al., 2013). This 
thesis summarizes selected work on developing and increasing the 
usefulness of the DCIP method with focus on the induced polarization. 

Electrical resistivity tomography (ERT) has been successfully used in a 
wide range of subsurface applications (Loke et al., 2013) such as 
environmental and engineering (Auken et al., 2014; Dahlin et al., 1999), 
hydrogeological (Auken et al., 2006; Fetter, 2001; Leroux and Dahlin, 
2005) and archaeological (Argote-Espino et al., 2013; Florsch et al., 
2011). However, different subsurface materials can have the same 
resistivity (Glover, 2015) and thus is it not possible to differentiate them 
when only using the resistivity information. This makes the chargeability 
information especially valuable since it can be measured simultaneously 
with the resistivity with little or no extra effort and the materials can have 
the same value for resistivity but different values for the chargeability. 
Hence, having two parameters reduces the ambiguity when relating the 
DCIP measurements to processes and geology. This reduction in 
ambiguity has been demonstrated for several applications, such as landfill 
mapping (Dahlin et al., 2010; Leroux et al., 2007) and lithology mapping 
(Kemna et al., 2004; Slater and Lesmes, 2002) and microbial activities 
(Slater et al., 2008), 

The induced polarization phenomenon can be further evaluated by 
considering its frequency dependency, the spectral information. The 
frequency dependency is described with different models and, depending 
on the choice of model, additional parameters can be retrieved from the 
chargeability measurements so that the possible ambiguity can be 
reduced even more. The use of spectral IP information in engineering 
applications is still limited but there are several examples of research 
where the spectral information has proven useful. For example for aquifer 
characterization (Revil et al., 2015; Slater and Glaser, 2003), mapping 
geochemical changes (Doetsch et al., 2015a), permafrost monitoring 
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(Doetsch et al., 2015b) and landfill mapping (Gazoty et al., 2013, 2012a, 
2012b). 

Even if different levels of chargeability information generally can be 
retrieved from DCIP surveys, often only the resistivity parameters are 
evaluated in applied engineering investigations. This has several 
explanations, for example: older instruments with limited capability of 
successfully measuring the chargeability are still in use and knowledge of 
how the chargeability information should be interpreted could be 
missing. Another important factor is related to data quality, since the 
induced polarization measurement have much lower signal-to-noise ratio 
compared to the resistivity measurements, the data quality can be poor. 
Using the data would require more time for manual filtering of the data, 
and thus more money than can be allocated to make use of the 
chargeability data. This calls for an assessment on how to generally 
improve the quality of the acquired induced polarization data, and 
automated ways of data quality assessment and data filtering. 

This spectral evaluation in turn demands a wide time-range of 
chargeability information (e.g. from one millisecond to several seconds) 
and even higher data quality than the regular “one parameter 
evaluation”. Hence smart processing of the DCIP data is needed in order 
to allow a more widespread use of the method. Time and cost efficiency 
of spectral DCIP measurements is also limiting the usefulness of the 
method. The field measurements can require thousands of readings, 
where more data stacking and longer current transmission pulses may be 
required compared to what would be used in a regular DCIP survey. Thus 
there is a need for optimizing the measurement procedure to reduce the 
time and costs related to the field surveys. 

 

1.1 Aim, objective and limitations 
The aim of this study is to increase the usefulness of the DCIP method 
by developing the data acquisition and processing methodology. 
Therefore, the objectives of this study are to reduce acquisition time and 
costs, to increase data (spectral) information content, reliability and 
quality and to reduce the time and cost for data processing.  
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This work has not considered any other field surveying or geophysical 
method than the direct current resistivity and time domain induced 
polarization method. Additionally, the handling of electromagnetic 
coupling has not been considered as a part of this work except for 
applying an improved field procedure (Dahlin and Leroux, 2012). 
Furthermore, the work has focused on developing the time domain 
measurement technique rather than the frequency domain counterpart. 
Due to this is only a very brief overview given regarding the frequency 
domain measurements. 
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2 The DCIP method 
DCIP measurements are carried out by injecting current into the 
subsurface between two electrodes while measuring the potential 
between one or several other pairs of electrodes (Figure 1) (Fink, 1990; 
Sumner, 2012; Zonge et al., 2005). The aim of the measurements is to 
get information of the electrical resistivity and chargeability of the 
subsurface. Information from different subvolumes of the subsurface is 
retrieved by repeating the measurements with different electrode 
combinations. With electrode combinations arranged along a line, one- 
or two-dimensional, depending on what combinations are used, 
information of the subsurface below the line can be retrieved. If the 
combinations instead cover an area it is possible to recover a three-
dimensional information volume (Loke and Barker, 1996). 

 

 

Figure 1. Schematic overview of 2D DCIP measurement principle on a homogenous subsurface. 
Original image provided by Nijland et al. (2010). 
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2.1 Resistivity 
The resistivity (ߩ, unit Ωm) is a material property that quantifies to what 
extent the material is opposing the flow of electrical current. 

From the measurements (Figure 4) of the current (I) and potential (VDC, 
Figure 2) is it possible to calculate the resistance (R) of the subsurface 
through Ohm’s law: 

ܴ ൌ ஽ܸ஼

ܫ
 

By also taking into account the geometry of the electrode placements 
(geometric factor, K) one may retrieve the apparent resistivity (ߩ௔), 
which only corresponds to the true resistivity of the subsurface if it is 
homogenous and isotropic. 

௔ߩ ൌ ܭ ஽ܸ஼

ܫ
 

where 

ܭ ൌ ஺ெݎሺߨ2
ିଵ െ ஻ெݎ

ିଵ െ ஺ேݎ
ିଵ ൅ ஻ேݎ

ିଵሻିଵ 

and r denotes the different distances between current (A and B) and 
potential (M and N) electrodes. If the subsurface has a heterogeneous 
distribution of resistivities is it necessary to conduct a more advanced 
interpretation of the measurements to retrieve the resistivity of the 
subsurface, see 2.5 Inversion. 

 

2.2 Chargeability 
The chargeability (m0, unit mV/V) is a material property that quantifies 
the capacity of the material to store energy.  

The chargeability is defined as the ratio between the measured voltage 
following a sudden change in current (VIP,0, Figure 2), normalized with 
the measured potential before the current change (VDC) (Seigel, 1959): 

݉଴ ൌ
௏಺ು,బ
௏ವ಴

. 
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Figure 2. Theoretical full waveform potential for DCIP measurements with indication of 
parameters important for the data evaluation. 

The chargeability is in time-domain determined by considering the 
transient potential response of the subsurface following a change in the 
injected current (Figure 2). It can be evaluated in several ways: for 
chargeability only (definition), for the mean chargeability within a given 
time interval (integral chargeability, mint): 

݉௜௡௧ ൌ
1

஽ܸ஼∆ݐ
න ܸሺݐሻ݀ݐ
௧మ

௧భ

 

or for normalized integral chargeability (normalized with resistivity, see 
Slater and Lesmes (2002)) corresponding to surface polarization (Binley, 
2015). Furthermore, the frequency characteristics of the potential 
response can be considered (spectral chargeability) by using different 
models for describing the shape (Figure 3) of the IP response (Johnson, 
1984; Tombs, 1981), for example the Cole-Cole model in time-domain is 
described by (Florsch et al., 2011; Pelton et al., 1978; Revil et al., 2015): 

ூܸ௉ሺݐሻ ൌ ݉଴෍ሺെ1ሻ௝ ൬
ݐ
߬
൰
௝௖

Γሺ1 ൅ ݆ܿሻିଵ
ஶ

௝ୀ଴
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for relaxation time (߬), frequency exponent (c) and Euler’s Gamma 
function (Γ): 

Γሺݔሻ ൌ ׬ ௫ିଵ݁ି௨ݕ ݕ݀
ஶ
଴ . 

Analogous to resistivity and apparent resistivity it is not possible to 
directly retrieve the chargeability of the subsurface from the DCIP 
measurements unless it is homogenous in terms of chargeability, thus 
normally inversion is needed. 

 

 

Figure 3. A normalized IP response generated from the modelled measurement seen in Figure 4. 

 

2.3 Measurement waveforms 
The current waveform injected into the ground differs depending on 
whether the measurements are conducted in time or frequency domain. 
Time domain measurements consider changes with time, while frequency 
domain measurements consider at what frequencies the changes take 
place. The two methods are theoretically equivalent but differ in terms of 
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measurement technique and actual capability to resolve the spectral IP 
parameters (Binley, 2015). 

 

2.3.1 Time domain 
Time domain measurements typically inject a 50% duty cycle square 
current waveform with constant current (Figure 4). The polarity of the 
current is reversed every pulse in order to remove background potentials 
superimposed on the signal measured between the receiver electrodes, 
caused by electrode polarization effects (Binley, 2015). Thus, at least two 
pulses with opposite sign are injected. This pulse train can be repeated 
(stacked) to retrieve multiple readings of the potential response and 
reduce the influence of noise (see 3 Measurement challenges). 

The potential readings (VDC, Figure 2) for calculating resistivity are taken 
as an average potential at the end of each current injection so that the 
potential has had time to stabilize and that prominent IP responses likely 
have worn off. For IP the potential readings are taken during the current 
off-time and the potential is normally averaged within predefined 
windows, starting at a fixed delay time after the current pulses. The time 
windows have increasing lengths and are normally chosen as multiples of 
the time period of the household power grid frequency (i.e. 50 Hz and 20 
milliseconds in Sweden) to average out harmonic noise. The integral 
chargeability is determined as a weighted sum of the IP windows while 
for spectral IP all windows and timing information is required for the 
inversion. 
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Figure 4. Injected current and modelled measured potential for the 50% duty-cycle waveform used 
for time domain DCIP measurements. Two stacks is achieved with 4 pulses and a current on-time of 
2s. The corresponding stacked, averaged and normalized IP response can be seen in Figure 3. 

 

2.3.2 Frequency domain 
In frequency domain, current with a sine waveform of different 
frequencies is transmitted while the resistivity and IP information is 
retrieved as the amplitude and phase shift of the measured potential 
respectively (Binley, 2015; Florsch et al., 2011). By having a narrow 
passband filter corresponding to the frequency of the current transmitted 
it is possible to filter out background drift (~DC), harmonic noise (by 
avoiding transmitting at harmonic noise frequencies or its harmonics) 
and in part also the spikes.  

 

2.4 Time or frequency domain? 
Many technical measurement issues related to different noise sources (see 
3 Measurement challenges) can be avoided if the measurements are 
carried out in frequency domain instead of in time domain. Furthermore, 
it should be noted that extracting spectral IP parameters (e.g. Cole-Cole) 
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from time-domain measurements theoretically assumes that all 
polarization processes have been saturated and that early decay times 
(<400 milliseconds) might be affected by non-desirable processes such as 
Maxwell-Wagner polarization and electromagnetic coupling (Revil et al., 
2015). However, the frequency domain measurements are highly time 
consuming compared to the time domain counterpart and consequently 
rarely used in commercial engineering and environmental applications 
but mainly used for research purposes. Since this work is aiming at 
techniques that can be expected to be adapted for routine practical 
applications it focuses on developing time domain measurements and on 
pushing the limit of the available spectral IP information from direct 
current resistivity and time domain induced polarization measurements. 

 

2.5 Inversion 
Inversion is an iterative process that aims to find a parameter model that 
gives synthetic measurements (forward response) that are similar to the 
real measurements. During the process the measured data are compared 
with the forward response for a known distribution of parameters (e.g. 
resistivity and chargeability) and the parameter values are changed until 
the responses are similar to the real measurements (Binley, 2015; 
Günther et al., 2006; Loke and Barker, 1996; Rücker et al., 2006). 

Depending on the type of inversion, different numbers of parameters are 
used for describing the model space. For example, with the spectral 
chargeability Cole-Cole model four parameters are used: resistivity, 
chargeability, relaxation time and frequency exponent, where the latter 
three describes the shape of the IP response (Fiandaca et al., 2013, 2012; 
Hönig and Tezkan, 2007). 

The time domain spectral chargeability inversion software described by 
Fiandaca et al. (2012 and 2013) models the waveform of current and 
potential, computes the forward response in frequency domain and 
transforms the response into time domain for comparing the measured 
data with the modelled response. 
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3 Measurement challenges 
In field DCIP measurements the measured potentials are a mix of 
different sources (Figure 5), including the desired ground response of the 
current injection: 

௠௘௔௦௨௥௘ௗݑ ൌ ௥௘௦௣௢௡௦௘ݑ ൅ ௗ௥௜௙௧ݑ ൅ ௡௢௜௦௘	௛௔௥௠௢௡௜௖ݑ ൅ ௦௣௜௞௘௦ݑ ൅  ௢௧௛௘௥ݑ

To get an accurate determination of the potential response (uresponse) it is 
essential to determine and compensate for as many of these sources as 
possible. 

Figure 5. Different kinds of known sources that affect the measured potential and their typical signal 
characteristics: electrical fence - spikes (top left), power grid – harmonic noise (top right), tram 
running on DC – background drift (bottom left), DCIP instrument – square pulse train (bottom 
right). 
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3.1 Background drift 
Background drift in DCIP data can have multiple origins, for example 
natural potential difference in the subsurface, natural electrode 
polarization (can be reduced using so called non-polarizable electrodes) 
and current induced electrode polarization (if using same electrodes for 
injecting current and measuring potentials). The drift is seen as a slow 
changing potential variation in the full waveform potential recording 
(Figure 6). If not corrected for, the drift can corrupt both resistivity and 
chargeability data but it is especially the tail of the IP response that is 
sensitive, due to its low signal-to-noise ratio, and thus mainly the spectral 
IP is affected. The correction for the drift is commonly done with a linear 
approximation (Dahlin et al., 2002; Peter-Borie et al., 2011). 

 

 

Figure 6. Example of full waveform potential recording that exhibits a clear background drift. 

 

  

0 5 10 15 20 25 30 35
Time [s]

-0.9

-0.8

-0.7

-0.6

-0.5

-0.4

-0.3

-0.2

-0.1

0

P
ot

en
tia

l [
V

]

Full waveform potential



 
 

15 

3.2 Spikes 
Spikes (Figure 7) originating from anthropogenic sources, such as 
electrical fences for livestock management, can be registered by DCIP 
measurements. These spikes can cause problems when extracting DC 
(resistivity) and especially, due to its low signal-to-noise ratio, IP 
information from measured field data. 

 

 

Figure 7. Example of full waveform potential recording with multiple spikes present. 
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3.3 Harmonic noise 
Harmonic noise originates from the power supply sources oscillating at a 
base frequency (e.g. 50 Hz or 60 Hz) and harmonics of this base 
frequency (Figure 8 and Figure 9). In DCIP processing today, this is 
handled by averaging and gating over a full period of the known base 
frequency (e.g. 1/50 s or 1/60 s) for suppressing household power supply 
frequencies at 50 Hz and its harmonics. However, the need for long gates 
causes a loss of early IP response information close to current pulse 
change and thus makes it more difficult to resolve spectral parameters. 
This is especially severe when conducting field measurements close to 
electric railways in some countries (e.g. Austria, Germany, Norway, 
Sweden, Switzerland and USA) where the frequency of the power supply 
for the trains are even lower (16 2/3 Hz or 25 Hz). 

 

 

Figure 8. A magnification of the full waveform potential recording in Figure 6 and a moving 
average (20 millisecond window) version of the same signal. With the magnification the harmonic 
oscillations are clearly visible. The main oscillation has a time period of around 20 milliseconds. 
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Figure 9. Welch power spectral density estimate for the time domain raw potential signal shown in 
Figure 6. The periodic reoccurring energy peaks suggest that harmonic noise from the power grid is 
present in the signal. 

 

3.4 Electromagnetic coupling 
Field surveys conducted with multicore cables where the potential and 
current wires are bulked in the same cable, as shown in Figure 1, generally 
suffer from different forms of electromagnetic (EM) coupling (Dahlin 
and Leroux, 2012). Handling of EM coupling is not a focus of this work, 
hence only a very brief overview is given here, but it should be noted that 
the coupling generally increases for longer arrays, lower resistivities and 
higher frequencies (Butler, 2005). 

3.4.1 Capacitive coupling 
Capacitive coupling can be defined as current leaks from high-potential 
surfaces or conductors to low-potential surfaces or conductors (Dahlin 
and Leroux, 2012). With a single multicore cable three main capacitive 
couplings can occur (Dahlin and Leroux, 2012; Radic, 2004): coupling 
between current and potential wire, coupling between the different 
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current wires (A and B) and coupling between current wire and the 
subsurface. 

The main coupling effect is the one occurring between current and 
potential wires (Radic, 2004). One method to reduce this coupling is to 
increase the distance between the current and potential wires by using 
two multicore cables (Figure 10), one for current transmission and the 
other for potential measurements (Dahlin and Leroux, 2012). 

 

 

Figure 10. Example of measurement setup with two multicore cables (top). One cable and every 
second electrode is used for current injections while the remaining cable and electrodes are used for 
measuring potentials. By increasing the distance between current and potential wire the capacitive 
coupling between the two is reduced. Example of the traditional setup is provided for comparison 
(bottom). Image adapted from original by Torleif Dahlin. 

3.4.2 Inductive coupling 
Inductive coupling operates through magnetic fields and thus differs in 
origin from the capacitive coupling. It is possible to compensate for this 
coupling by means of modeling and also include it in the inversion 
(Ingeman-Nielsen and Baumgartner, 2006) but since focus of this work 
has been elsewhere this has not been considered in this work. 
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4 Main results 
4.1 Paper A 
Paper A concerns current waveform optimization to reduce acquisition 
time and increase signal-to-noise ratio. 

Combined resistivity and time-domain direct current induced 
polarization (DCIP) measurements are traditionally carried out with a 
50% duty cycle current waveform, taking the resistivity measurements 
during the on-time and the IP measurements during the off-time. One 
drawback with this method is that only half of the acquisition time is 
available for resistivity and IP measurements, respectively. In this paper, 
this limitation is solved by using a current injection with 100% duty cycle 
(Figure 11) and also taking the IP measurements in the on-time. With 
numerical modeling of current waveforms with 50% and 100% duty 
cycles the paper shows that the waveforms have comparable sensitivity 
for the spectral Cole–Cole parameters and that signal level is increased 
up to a factor of two if the 100% duty cycle waveform is used. The 
inversion of field data acquired with both waveforms (Figure 12) 
confirms the modeling results and shows that it is possible to retrieve 
similar inversion models with either of the waveforms when inverting for 
the spectral Cole–Cole parameters with the waveform of the injected 
current included in the forward computations. 
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Figure 11. Showing injected current and modelled measured potential for the 100% duty-cycle 
waveform for time domain DCIP measurements. 
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up to 100% almost without information loss. The findings can contribute 
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surveys where time (and cost) efficiency and reliable data quality are 
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heterogeneous subsurface demands time-consuming 3D acquisitions. 
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Figure 12. Inverted section and data misfit for field fata acquired with the 50% (left) and 100% 
(right) duty cycle current waveform. 

 

4.2 Paper B 
Paper B concerns the current injection duration and how this relates to 
resulting data, signal-to-noise ratio and inversion models. 

The duration of time domain (TD) induced polarization (IP) current 
injections has significant impact on the acquired IP data as well as on the 
inversion models, if the standard evaluation procedure is followed. 
However, it is still possible to retrieve similar inversion models if the 
waveform of the injected current and the IP response waveform are 
included in the inversion. The on-time also generally affects the signal-
to-noise ratio (SNR) where an increased on-time gives higher SNR for 
the IP data. 

The commonly applied inversion of the induced polarization data only 
considers the integral chargeability, without taking the waveform of the 
injected current or the waveform of the IP response into account. The 
results show that, with these full waveform considerations included in 
the inversion, it is possible to retrieve similar inversion models for the 
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induced polarization, independent of the on-time duration. 
Furthermore, the results show that the signal-to-noise ratio (SNR) for 
the IP information increases with increasing duration of the current 
injections.  

 

Figure 13. Acquired field IP decays corresponding to the same quadruple from each of the four data 
sets with different on- time. Note that the magnitude of the decays is increasing with longer on-time. 

The results show that the on-time of the injected current has a substantial 
effect on retrieved induced polarization field data (Figure 13). It is clear 
from the results that this difference in data also affects the inverted 
subsurface IP models when using an inversion software that only 
considers integral chargeability Figure 14. However the results also show 
that it is in fact possible to retrieve similar inversion models given that 
the waveform of the injected current and the IP response waveform are 
included in the inversion (Figure 14) and that increasing on-time gives 
higher SNR for the IP data (Figure 13). 
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Figure 14. Inversion results from Res2dinv (two top rows) and Aarhusinv (two bottom rows) for 
different on-time (from left to right: 1, 2 and 4 seconds). The chargeability model from Res2dinv is 
clearly dependant on current on-time while the Aarhusinv (which include the current and potential 
waveforms in the inversion) models are more similar for the different on-times. 

 

Only considering the integral chargeability can be misleading and likely 
makes it more ambiguous when trying to relate the IP models to 
processes and geology or preciously reported integral chargeability 
values. Furthermore, if not including the full waveform in the inversion, 
care needs to be taken that the same acquisition settings are used when 
making complimentary, verification or time-lapse measurements so that 
different data sets will be comparable in data and model space. 
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4.3 Paper C 
This paper concerns signal processing of full waveform DCIP data and 
handles measurement issues such as IP gate distribution, spikes, 
harmonic noise and background drift. The improved handling of these 
issues doubles the spectral information content of DCIP data by enabling 
shorter gates than the traditional method (multiple of the time period of 
the harmonic noise) and by accurately recovering the shape of the IP 
response at late times. 

The normally used linear drift correction is for DC and integral 
chargeability measurements often good enough but when evaluating the 
spectral IP information a more accurate approximation is needed. This 
paper applies a Cole-Cole model based background drift estimate (Figure 
15 and Figure 18, top) which substantially improves the handling of non-
linear drift cases such as current induced electrode polarization and 
especially improves late times of the IP response with low signal-to-noise 
ratio. 

 

Figure 15. Showing 50% duty cycle raw full waveform potential (black) and current (red), subset of 
the signal used for finding the drift model (grey cross marker) and different types of background drift 
models (bottom). The resulting gated IP-response curves (green-linear model, blue-Cole-Cole model. 
Negative values are marked with circles) are shown in the top plot. Note that especially the end of the 
IP response is sensitive to the choice of drift model due to its low signal-to-noise ratio.
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De-spiking is implemented by applying a series of filters on the full 
waveform potential for enhancing the spikes and generating a flexible 
and data-driven threshold value for spike rejection (Figure 16). The 
values of the identified spike samples are replaced based on the values of 
neighbouring non-spike samples. 

 

Figure 16. Showing identified spike samples of a full waveform potential signal (top), output from 
applied high pass and DC-offset removal filter (mid) and output from non-linear energy operator 
filter, spike samples and threshold value (bottom). Magnifications of the 7th identified despike spike 
(from 9.615 to 9.645 s) are shown on the right. 
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Cancelling of harmonic noise is implemented as a model based approach 
where the noise is described as a sum of harmonic signals. The different 
harmonic signals have frequencies given by a common fundamental 
frequency (f0) multiplied with an integer (m) to describe the different 
harmonics but have independent amplitude (Am) and phase ( m) for each 
harmonic m: 

௡௢௜௦௘ሺ݊ሻ	௛௔௥௠௢௡௜௖ݑ ൌ෍ܣ௠ ݉ߨሺ2ݏ݋ܿ ଴݂݊ ൅ ߮௠ሻ
௠

 

with sample number n. 

Since the harmonic noise is not stationary for an entire data acquisition 
(varying in phase, amplitude and frequency), the raw full waveform 
potential is segmented. Noise model parameters are determined for each 
segment in an iterative approach by minimizing the residual energy after 
subtraction of a temporary harmonic noise model. After finding the best 
noise model, the raw full waveform potential is corrected accordingly, 
which substantially reduces the energy of the harmonic noise (Figure 17). 

The model based cancelling of harmonic noise reduces the need for gating 
with multiples of 20 ms (for 50 Hz) to supress the harmonic noise. Hence 
an improved gate distribution design can be applied with arbitrary gate 
widths, both shorter than 20 ms and multiples of 20 ms when feasible. 
This design in turn gives access to spectral information of the IP response 
closer to time zero which were unavailable with the traditional gating 
(Figure 18). In total, the first useable gate is one decade in time closer to 
time zero with the improved gate distribution design and model based 
noise cancelling compared to when applying the traditional method for 
handling the harmonic noise. 
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Figure 17. Welch power estimate of full waveform potential: original signal (black), residual signal 
after noise cancellation (red). The green markers show identified energy peaks (cross) and harmonics 
used for finding the noise model (circle). The remaining energy peaks are not harmonics of the 50 Hz. 

 

Figure 18. Showing full waveform current (red) and potential before (black) and after (blue) drift 
removal and cancelling of harmonic noise. The resulting IP response with harmonic de-noising 
(bottom, blue line) shows clear improvement of the erratic behaviour of the IP response.  
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5 Conclusions 
The work presented in this thesis demonstrates that the usefulness of the 
DCIP method can be improved. Field time and cost efficiency are 
increased by means of current pulse on-time and waveform optimization. 
Additionally, post processing efficiency increases as a result of improved 
data quality and reliability. Furthermore, the available spectral 
information from DCIP surveys is substantially increased by enabling 
extraction of the IP response closer to the pulse than was previously 
possible. In combination with more accurate removal of background drift 
potential that can handle non-linear drift cases, the data quality is 
improved at late times and the spectral information content is further 
increased. 

This work has focused on time-domain resistivity and spectral IP 
measurements. However, it is still unclear if the time-domain 
measurements can resolve the spectral parameters equally well as the 
frequency domain counterpart. Furthermore, even if the work has 
substantially increased data quality for the spectral IP, it still demands 
extensive work of manual quality assurance and filtering of the IP 
response data to enable successful interpretations and inversions. Hence 
there is scope for further development related to data quality and data 
processing. 
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6 Future research 
As indicated in the conclusion, there still remain many issues to be solved 
for truly enabling the use of spectral DCIP information as a standard tool 
in applied engineering applications. 

6.1 Data quality 
There are some field cases where noise sources that have a large effect on 
the measured potential cannot be handled by the processing routine 
described in Paper C. Specifically, one noise source like this could be 
electrical vehicles running on DC (e.g. trams) generating a slowly varying 
DC offset with similar time-scale as the IP responses. Another 
problematic noise source can be trains running on AC passing close to a 
field survey generating harmonic noise with a fast varying amplitude and 
phase, possibly too fast for being modeled with the current 
implementation of the harmonic de-noising described by Paper C. 

One possible approach to this issue could be to use differential 
measurements by separately measuring and compensating accordingly 
for these noise sources. This reference technique has been successfully 
applied in previous research but only for few electrode combinations 
(Halverson et al., 1989; Radic, 2014). 

6.2 Post processing 
Spectral IP evaluation still demands large amounts of manual processing 
and filtering of erroneous data points before inversion is possible. With 
increasing data sets, typically thousands of electrode combinations and 
20-30 IP windows, there is a need for automatic processing and filtering 
of the IP response data. To enable this, it is crucial to first determine the 
possible theoretical shape IP responses from time domain spectral IP 
measurements, for example by means of numerical modelling. 
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Combined resistivity and time-domain direct current induced polarization (DCIP)measurements are traditional-
ly carried out with a 50% duty cycle current waveform, taking the resistivity measurements during the on-time
and the IPmeasurements during the off-time. One drawbackwith this method is that only half of the acquisition
time is available for resistivity and IPmeasurements, respectively. In this paper, this limitation is solved byusing a
current injection with 100% duty cycle and also taking the IP measurements in the on-time. With numerical
modelling of current waveforms with 50% and 100% duty cycles we show that the waveforms have comparable
sensitivity for the spectral Cole–Cole parameters and that signal level is increased up to a factor of 2 if the 100%
duty cycle waveform is used. The inversion of field data acquired with both waveforms confirms the modelling
results and shows that it is possible to retrieve similar inversion models with either of the waveforms when
inverting for the spectral Cole–Cole parameters with the waveform of the injected current included in the for-
ward computations. Consequently, our results show that on-timemeasurements of IP can reduce the acquisition
time by up to 50% and increase the signal-to-noise ratio by up to 100% almost without information loss. Our find-
ings can contribute and have a large impact for DCIP surveys in general and especially for surveyswhere time and
reliable data quality are important factors. Specifically, the findings are of value for DCIP surveys conducted in
urban areas where anthropogenic noise is an issue and the heterogeneous subsurface demands time-
consuming 3D acquisitions.

© 2015 Elsevier B.V. All rights reserved.

1. Introduction

Combined direct current (DC) resistivity and time-domain (TD) in-
duced polarization (IP) measurements are traditionally carried out
using a 50% duty cycle waveform for current injection, taking the resis-
tivity measurements during the on-time and the IPmeasurements dur-
ing the off-time. Recently, however, developments in time-domain
hardware have made it possible to perform detailed monitoring and
analysis of the measuring procedure of DCIP acquisition. As a result
of this development, it has been suggested that a 100% duty cycle
waveform could be used in time-domain IP, with the IP (spectral)
information retrieved from the on-time (Dahlin and Leroux 2010). Fur-
thermore, in frequency-domain, a 100% duty cycle waveform has been
successfully used for measuring IP, although retrieving limited spectral
information (Zonge et al. 2005, Zonge et al. 1972).

Alongside the hardware improvement, a corresponding develop-
ment on the software side has taken place. Inversion algorithms that
use the current waveform and the full IP decays for extracting the

spectral IP content from TD data have been proposed (Fiandaca et al.
2012, 2013), with applications for landfill characterization (Gazoty
et al. 2013, Gazoty et al. 2012a, Gazoty et al. 2012b) and for mapping
CO2 transport (Doetsch et al. 2015a) and permafrost seasonal variations
(Doetsch et al. 2015b).

For these applications, as well as for others, the use of a 100% duty
cycle waveform for DCIP measurements will have substantial advan-
tages compared with the traditionally used 50% duty cycle regarding
acquisition timeefficiency and signal level. These benefits are highly rel-
evant for the applied DCIP surveys conducted by commercial companies
where time and reliable data quality are important factors. In addition,
DCIP surveys conducted in urban areas where anthropogenic noise
sources are present and the heterogeneous subsurface demands time-
consuming 3D acquisitions will have extra benefit from the 100% duty
cycle waveform and on-time measurements of IP. To date, it has not
been shownwhether the 100% duty cycle waveform can be successfully
used in TDIPmeasurements, nor if spectral information can be retrieved
in the inversion.

This paper demonstrates that the use of a 100% duty cycle waveform
and on-timemeasurements of the spectral IP information is possible for
both synthetic and field DCIP cases. The aforementioned hardware and
software developments are used for comparing 50% and 100% duty
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cycle waveforms, both in terms of IP spectral information and signal to
noise ratio. Section 2 introduces the 100% duty cycle waveform in
details, followed by sections presenting results and discussion on the
synthetic modelling and a field comparison. The paper ends with a
brief conclusion.

2. 100% duty cycle

A step-response for an exemplary homogenous half-space Cole–Cole
model was generated with the spectral forward response and inversion
code Aarhusinv (Auken et al. 2014) and used for creating synthetic full-
waveform data of the 50% and 100% duty cycle waveforms (Fig. 1) by
the principle of superposition (Fiandaca et al. 2012).

It can be noted that for the 50% duty cycle waveform with IP mea-
surements during the off-time, the measured IP response decays with
time, while for the 100% duty cycle waveform with IP measurements
during the on-time, the potential increases during the acquisition. For
an easier comparison between the 50% and 100% signals, this paper
uses the VDC(j) value (retrieved from a time period at the end of each
pulse j) for defining the 100% IP decay for pulse j, VIP100%(j), as the differ-
ence between the VDC(j) value and the measured IP response Vresponse(j)
(Eq. (1)):

V IP100% jð Þ¼VDC jð Þ‐V response jð Þ: ð1Þ

The individual 100% IP decays derived with Eq. (1), VIP100%( j), are
averaged according to Eq. (2), making use of the negative or positive
sign of the decays:

V IP100%;average¼ 1
npulses

∑npulses
j¼1 −1ð Þ jþ1 � V IP100% jð Þ: ð2Þ

For the 50% duty cycle, a normalization of the IP response is
traditionally achieved by dividing the IP response potential with the
VDC value (VIP/VDC) and presenting the IP response in mV/V (note
that this normalization does not define the “normalized chargeability”
described for instance by Slater and Lesmes (2002), but is a common
unit change). A corresponding normalization for the 100% duty cycle
is also suggested in this paper through Eq. (3):

V IP100%;normalized ¼ V IP100%;average � npulses

VDC;average � 2 � npulses−1
� � ð3Þ

where VDC , average represents the DC value averaged over all the pulses
in analogy to Eq. (2). The normalization of Eq. (3) differs from the

standard IP normalization by the presence of the npulses
ð2�npulses−1Þ factor,

which has been introduced in order to facilitate the numerical compar-
ison of 50% and 100% IP duty cycles normalized data.

In fact, as can be seen in Fig. 2A, the magnitude of the chargeability
for the 100% duty cycle waveform is initially almost twice the magni-
tude of the 50% duty cycle waveform if compared without normaliza-
tion (presented in volt). This doubling is due to the superposition of
the off-time IP decay of the 50% duty cycle waveform and the corre-
sponding on-time IP build-up. With the 100% duty cycle waveform,
these two responses are superimposed on each other and measured as
one. Anotherway to look at this is to consider that the change in current
causing the IP response is doubled when using the 100% duty cycle
waveform instead of the 50% waveform for all the pulses except the
first, which is initiated from the same current level (i.e. zero ampere,
see Fig. 1). Considering that VIP100% , normalized is computed from the IP
responses averaged over all the pulses, the npulses

ð2�npulses−1Þ factor in Eq. (3)

standardizes the 100% duty cycle response to the current changes of
the 50% duty cycle response.

As a result, with the normalization suggested in this paper (Eq. (3)),
expressing the decays in terms ofmV/V showsmore similar starting and
averaged magnitudes for the 50% and 100% IP decays (Fig. 2B). Despite
the fact that the normalization proposed in Eq. (3) simplifies the com-
parison of the 50% and 100% signal levels, the shape of the IP curves dif-
fers significantly. In particular, the 100% IP decays defined through
Eqs. (1), (2) and (3) are forced to small or negative data values at late
times (Fig. 2), depending on the selected integration time for the VDC-
value and the last IP gate respectively, even though the corresponding
50% IP responses have not reached their minimum. In this paper, this
effect is accounted for by the modelling/inversion software, which in-
cludes the current waveform, the definition of the DC integration time
and the full IP decays in the computations (Fiandaca et al. 2013,
Fiandaca et al. 2012).

When looking at the comparison of non-normalized 100% and 50%
duty cycle data a final consideration can be drawn about the signal-to-
noise ratio. In fact, the noise in IP data depends on the non-
normalized signal level (Gazoty et al. 2013), and the almost doubled
signal of the 100% duty cycle data can increase the signal-to-noise
ratio by up to 100%.

3. Synthetic modelling

Forward modelling and sensitivity analysis of resistivity and the
Cole–Cole parameters for both the 50% and the 100% duty cycle wave-
forms were carried out on a 1D synthetic model (Fiandaca et al. 2013,
Fiandaca et al. 2012). The sensitivity, s, is computed through the covari-
ance of the estimator error for linear mapping described by Tarantola

Fig. 1. Modelled waveform for the 50% (A) and 100% (B) duty cycle waveforms showing measured potential (solid line) and injected current (dashed line). Twice as many stacks are
achieved with the 100% duty cycle compared with the 50% duty cycle with the same acquisition time.
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andValette (1982) and represents the relative uncertainty on themodel
parameters p (because the analysis is performed on the logarithm of the
model parameters):

p=s ≤ p ≤ p � s:

A synthetic three layer subsurface model (Table 1), with parameter
ranges/contrasts similar to the ones found in the field example de-
scribed in the next section, was used for the forward modelling of a
Schlumberger vertical sounding with log-increasing electrode spacing
and IP gate lengths. To emulate field conditions, a noise model identical
to the one characterizing the field data was chosen for the sensitivity
analysis. In particular, a relative standard deviation of 2% for the
DC data and 10% for the IP data were used, together with a voltage
dependent noise (Gazoty et al. 2013; Zhou and Dahlin 2003) that better
describes the effect of the signal level on the data uncertainty. The volt-
age dependent noise model was controlled by a nominal voltage noise
threshold Vnoise, defined for a nominal integration timeNominalgatelength
and stack size n equal to one, and defined as:

σDC¼Vnoise

VDC
�

ffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffi
Nominalgatelength

DCgatelength
� 1
n

s
ð4Þ

σ IP ¼ Vnoise

VIP
�

ffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffi
Nominalgatelength

IPgatelength
� 1
n

s
: ð5Þ

A voltage threshold Vnoise = 0.2 mV with Nominalgatelength = 0.01 s
was used in the simulations.

The forwardmodelling and 1D sensitivity analysiswas carried out by
means of both of the waveforms and four different acquisition cases:
two cases with the same on-time (Ton = 4 s) and amount of stacks
(n = 4) but with different waveforms (50% and 100% duty cycles) and
two other cases where either the on-time either the stacks were dou-
bled for the 100% duty cycle waveform. In theory, the latter two cases
give the same total duration of the acquisition as for the 50% duty
cycle waveform (Table 2). Table 2 shows that the sensitivity for all

model parameters is comparable for all four acquisition cases, except
for the relaxation time of layer two (τ − 2) for which the first (50%
duty cycle, Ton = 4 s, n = 4) and that the second last (100% duty
cycle, Ton = 8 s, n = 4) cases are more sensitive compared with the
others.

4. Field example

The field data were acquired at a farmlandwith Quaternary deposits
of clayey till overlaying a bedrock of Silurian shale. A known dolerite
dike intruding the shale provided a chargeable IP structure for the ex-
periment. The DCIP profile (157.5 m, 64 electrodes with a spacing of
2.5 m) was centred on top of the known IP anomaly and retrieved
using a multiple gradient array protocol (Dahlin and Zhou 2006) with
acid grade stainless steel electrodes and the AbemTerrameter LS instru-
ment. This instrument continuously adapts the output voltage to keep a
constant current with an accuracy of 0.4% (Abem 2011), and together
with its capability of full-waveform acquisition is particularly well suit-
ed for this experiment. Separated cableswere used for transmitting cur-
rent andmeasuringpotentials to reduce the effect of capacitive coupling
and improve the IPdata quality (Dahlin and Leroux 2012). The electrode
contact resistance was measured for all electrodes with a mean value of
220 Ω and a variation coefficient of approximately 45%.

Both the 50% and the 100% duty cyclewaveformswere used for DCIP
measurements on the field setup. Except for the waveform duty cycle,
all other settings were kept equal for the acquisitions: 1015 quadru-
poles, 4 s on-time of current injection and 3 full stacks. This resulted
in a total acquisition time of 154 min for the 50% duty cycle and
88 min for the 100% duty cycle, a reduction in acquisition time of ap-
proximately 43% for the 100% duty cycle waveform. The reason for the
reduction not reaching the theoretical 50% (only considering the dura-
tion of the waveforms) is that the instrument performs a number of
test pulses prior to each current injection. These test pulses are part of
the system that enables the instrument to maintain a constant current
throughout the injection. In this study, these test pulses were not
included in the full waveform modelling.

To get an accurate estimation of the IP response, the background
potential variation during a current injection sequence needs to be
accounted for. This is also essential for DC resistivity measurement
and is commonly handled bymeasuring and averaging data from a pos-
itive–double negative–positive type duty cyclewhich acts as a filter that
removes linear variation (Dahlin 2000), but it should be noted that a
higher degree approach may be required in order to recover the more
subtle spectral IP information. In this paper, a second order polynomial
was adapted to the VDC-values of the stacks and the non-constant terms

Fig. 2.Modelled IP decays for the 50% (dashed line) and 100% (solid line) duty cycle waveform shown with (B) and without (A) normalization. The normalization of the 100% duty cycle
decay was done according to Eq. (3) and npulses = 8, corresponding to the number of modelled pulses (see Fig. 1B). The decays are modelled with Cole–Cole parameters: rho = 50 Ωm,
m0 = 100 mV/V, τ = 0.5 s and C = 0.3.

Table 1
Layer parameters used for the 1D subsurface model.

Layer Thickness (m) ρ (Ωm) m0 (mV/V) τ (s) c (−)

1 8 250 40 1 0.3
2 14 500 100 2 0.5
3 ∞ 500 40 1 0.5
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of this polynomial was used to correct the full waveform recording of
measured potential.

Fig. 3 shows field data for both waveforms as apparent resistivity
(Fig. 3A and C) and apparent chargeability (IP gate number 5, Fig. 3B
and D) pseudosections. The resistivity data show comparable, in terms
of spatial distribution and apparent resistivity values, pseudosections
for both waveforms. The apparent chargeability pseudosections also
have similar spatial distribution but the apparent chargeability section
for the 100% duty cycle waveform shows slightly lower values than
the 50% duty cycle waveform, when expressed as mV/V. The difference
in magnitude of the apparent chargeability, which is also visible in the
synthetic IP responses (Fig. 2B), can be explained by the different shapes
of the 100% duty cycle waveform at late times, as discussed in Section 2.

Inversion of the field data shown in Fig. 3 were preformed for the
spectral Cole–Cole parameters using the Aarhusinv code. The inversions
were carried out with L1 model weights using the same inversion set-
tings (noise model and vertical/horizontal weights) for both wave-
forms. This gave a final data misfit of 1.5 and 1.4 for the 50% and 100%
duty cycle data respectively, when using a relative standard deviation
of 2% for the DC data, 10% for the IP data and a voltage noise threshold
of 0.2 mV.

Fig. 4 shows that the inversion models for the field data acquired
with the twowaveforms have comparable values for all model parame-
ters and similar data misfit. The geometry of the parameter value distri-
bution in the final inversionmodels is quite simple but the performance
of the 50% and 100% duty cyclewaveforms is expected to be comparable
alsowhen applied at environmentswith amore complex subsurface ge-
ometry. Similarly, are the performance of the waveforms expected to be
comparable also in noiseier field conditions or possibly have better
performance with the 100% duty cycle waveform due to higher signal-
to-noise ratio? (See Section 2).

Fig. 5 shows the data fit for the quadrupoles with lateral focus (i.e.
horizontal position of median sensitivity) corresponding to the middle
of the profile (Fig. 4). Similar to what is shown by the synthetic decays
(Fig. 2), the acquired field data for the 100% duty cycle waveform are

closer to zero for the later gates compared with the 50% duty cycle
waveform.

The data acquired from the field tests (Figs. 3 and 5) generally show
that the IP decays for the 50% and 100% duty cyclewaveforms are differ-
ent. As discussed above, this difference is in accordance with the syn-
thetic modelling and depends on how the 100% duty cycle IP decay is
defined. With an inversion software that includes the injected current
waveform and the definitions for the 100% duty cycle IP decay, it is
still possible to retrieve an inversion model from the 100% duty cycle
data (Fig. 4B) that is similar to the inversion model from the 50% duty
cycle waveform data (Fig. 4A).

5. Conclusions

Our results support that the approach of using a 100% duty cycle
square waveform for current injection and measuring the IP response
during the current on-time is practically applicable. We also show that
the measuring time can be substantially reduced by the use of this
method and that the signal-to-noise ratio will generally increase.

The results contribute to the usage of commercial IP measurements
within areas where the time pressure on projects due to economic con-
straints is dominant. This is usually the case in engineering and environ-
mental projects but decreasing the total measurement time and
improving signal-to-noise ratio are beneficial for all DCIP surveys.
Thus, an implementation of a commercial system which makes use of
a 100% duty cycle andmeasures IP during the on-time could have sever-
al practical benefits. For example, it may encourage operators to make
use of 3D-measurements which generally can be time demanding, to
make use of more stacks in noisy environments to get better data qual-
ity or to increase the on-time at field sites where long time-constants
are expected for the IP decays (such as for example landfills) to get
additional spectral information.

The 100% duty cycle and on-time IPmeasurements described in this
paper could be implemented as routine use in DCIP instruments and
processing procedures. To actualize this, the instrument used need to

Table 2
Sensitivity analysis for both waveforms with same on-time and doubled on-time for the 100% duty cycle. Relaxation time of layer two (τ− 2) for the first and third acquisition cases are
indicated with bold font.

Duty cycle
Ton
(s)

n
(−)

ρ − 1
(Ωm)

ρ − 2
(Ωm)

ρ − 3
(Ωm)

m0 − 1
(mV/V)

m0 − 2
(mV/V)

m0 − 3
(mV/V)

τ − 1
(s)

τ − 2
(s)

τ − 3
(s)

c − 1
(−)

c − 2
(−)

c − 3
(−)

50% 4 4 1.015 1.052 1.014 1.40 1.15 1.13 1.54 1.16 1.16 1.40 1.12 1.13
100% 4 4 1.015 1.052 1.014 1.47 1.17 1.16 1.54 1.27 1.17 1.47 1.14 1.16
100% 8 4 1.014 1.051 1.014 1.39 1.14 1.12 1.58 1.14 1.18 1.39 1.11 1.12
100% 4 8 1.015 1.052 1.014 1.47 1.17 1.16 1.54 1.27 1.16 1.47 1.14 1.15

Fig. 3. DC pseudosections (A and C) and IP gate 5 (gate width of 143 ms and centre gate time of 376.5 ms) for the 50% (B) and the 100% (D) duty cycle waveform.
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be able to record full waveform information or be able to gate the data
directly during the on-time. The instrument should also be able to
keep a stable current waveform. If this is not possible, the waveform
of the injected current needs to be fully described in the inversion
software and included in the forward computations. These types of
inversion software are also advantageous for comparing results from
different waveforms (50% duty cycle versus 100% duty cycle).
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SUMMARY
The duration of time domain (TD) induced polarization (IP) current injections has significant impact on
the acquired IP data as well as on the inversion models, if the standard evaluation procedure is followed.
However, it is still possible to retrieve similar inversion models if the waveform of the injected current and
the IP response waveform are included in the inversion. The on-time also generally affects the signal-to-
noise ratio (SNR) where an increased on-time gives higher SNR for the IP data.
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Introduction 

Direct current resistivity and time domain induced polarization (DCIP) is a versatile geophysical 
method which has been developed for over 100 years. Alongside with this development, the use and 
understanding of time domain induced polarisation (TDIP) have increased in academia as well as in the 
engineering industry. Some aspects of the TDIP are however generally neglected when conducting 
DCIP surveys for engineering applications. Specifically, the effect of varying duration of the current 
injections and the duration of the IP decays are normally not accounted for in the standard procedures. 
Furthermore, to the knowledge of the authors, there has up to date been only few studies on how the 
duration of the injected current affects the results retrieved from TDIP measurements (with notable 
exception of Gazoty et al., 2013). 
 
In this paper we show that the duration of current injections in fact has significant impact on the acquired 
induced polarization data as well as on the inversion models, if the standard evaluation procedure is 
followed. The commonly applied inversion of the induced polarization data is only considering the 
integral chargeability, without taking the waveform of the injected current or the waveform of the IP 
response into account. Our results show that, with these full waveform considerations included in the 
inversion, it is possible to retrieve similar inversion models for the induced polarization, independent 
of the on-time duration. Our results also show that the signal-to-noise ratio (SNR) for the IP information 
increases with increasing duration of the current injections.  

Methods 

A field test was conducted using an ABEM Terrameter LS for transmitting current and measuring 
potentials.  Four field data sets were acquired on the same measurement line, using a 50% duty cycle 
current injection waveform with different on-time and off-time durations: half second, on second, two 
seconds and four seconds. The retrieved IP decays were gated with approximately log-increasing IP-
gates with the same temporal distribution, but with larger number of gates for the longer on-time 
acquisitions. All other data acquisition parameters were identical. The field data were inverted for 
resistivity, integral chargeability (Res2dinv) and phase shift (Aarhusinv). 
 
For simplicity, and in order to compare the same amount of parameters for both inversion methods, the 
constant phase angle (CPA) model was used for the Aarhusinv inversions (Fiandaca et al., 2013, 2012). 
This model contains only two parameters, in contrast to the more general Cole-Cole model which 
contains four parameters. 

Results and Discussion 

Figure 1 shows acquired field IP decays for 
the same quadruple from the four different 
on-time data sets. As seen in Figure 1, the 
starting values of the measured IP decays are 
increasing with increasing on-time. 
Furthermore, the magnitudes of the longer 
on-time decays are higher than for the shorter 
on-times for the full length of the decays. 
One direct effect of this is, assuming that 
noise levels are independent of on-time, is an 
increase in SNR with increasing on-time. 
 
Figure 1 Acquired field IP decays 
corresponding to the same quadruple from 
each of the four data sets with different on-
time. Note that the magnitude of the decays 
are increasing with longer on-time. Time (s)
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Figure 2 shows pseudosections of apparent chargeability for the 3rd IP-window for three data sets with 
different on-time. Clearly data space is different for the three data sets even if they were acquired on 
the same measurement line. More specific, is the apparent chargeability generally increasing when on-
time is increased, which is also shown by the individual full decays in Figure 1. One effect of this 
difference in data space is that inversions not considering the full waveform will produce different 
inversion models for data acquired with different on-time. Since not only decay duration but also 
magnitude is different it is not enough to only fix the integration time to for example the Newmont 
polarization standard (Van Voorhis et al., 1973; Zonge et al., 1972), but full waveform inversion is 
needed. 
 

 
Figure 2 Pseudosections for apparent chargeability (3rd IP-window) of three different field data sets 
(on-time=1, 2 and 4 seconds). As seen in the figure is the magnitude of the apparent chargeability 
increasing with increasing on-time (from top to bottom). This effect can also be seen in the full decays 
shown in Figure 1. 
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Figure 3 shows inversion models retrieved with Res2dinv and Aarhusinv for three data sets acquired on 
the same measurement line but with different on-time. The resistivity sections are similar for all data 
sets independent on inversion software. However, as expected when considering the difference in data 
space, the chargeability models retrieved from the integral chargeability inversions are quite different 
(Figure 3, 2nd profile from top). On the contrary, more similar inversion models are retrieved when 
inverting for the CPA-model and taking the waveform of the injected current into account (Figure 3, 
bottom profile). 
 
 
 

 

Figure 3 Inversion models of field data from the same measurement line but with different on-time/off-
time. Sections shown are (from top to bottom): resistivity (Res2dinv), integral chargeability (Res2dinv), 
resistivity (Aarhusinv) and CPA phase shift (Aarhusinv). Clearly, the resulting inversion models for 
integral chargeability are very different from each other even if they represent inversion of data 
acquired on the same profile. In contrast, similar inversion models are retrieved when inverting for 
phase shift and including the waveform of the injected current in the inversion.  

 On-time = 1s                On-time = 2s           On-time = 4s 
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Conclusion 

Our results show, that the on-time of the injected current has a substantial effect on retrieved induced 
polarization field data. It is clear from the results that this difference in data also effects the inverted 
subsurface IP models when using an inversion software that only considers integral chargeability. 
However, we have also shown that it is in fact possible to retrieve similar inversion models if the 
waveform of the injected current and the IP response waveform are included in the inversion and that 
increasing on-time gives higher SNR for the IP data. 

Only considering the integral chargeability can be misleading and likely makes it more ambiguous when 
trying to relate the IP models to geology building tabular reference data. Furthermore, if not including 
the full waveform in the inversion, care need to be taken that the same acquisition settings are used 
when making complimentary or verification measurements so that different data sets will be comparable 
in data and model space.  
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Summary 
This paper presents an advanced signal processing scheme for time-domain induced polarization 
(TDIP) full waveform data. The processing scheme includes several steps with an improved 
induced polarization (IP) response gating design using convolution with tapered windows to 
suppress high frequency noise, a logarithmic gate width distribution for optimizing IP data quality 
and an estimate of gating uncertainty. Additional steps include modelling and cancelling of non-
linear background drift and harmonic noise and a technique for efficiently identifying and 
removing spikes. The cancelling of non-linear background drift is based on a Cole-Cole model 
which effectively handles current induced electrode polarization drift, a drift type common in field 
TDIP measurements. The model-based cancelling of harmonic noise reconstructs the harmonic 
noise as a sum of harmonic signals with a common fundamental frequency. After segmentation of 
the full waveform potential and determining of the harmonic noise model parameters for each 
segment, a full harmonic noise model is constructed and subtracted. Furthermore, the uncertainty 
of the background drift removal is estimated which together with the gating uncertainty estimate 
and a uniform uncertainty gives a total, data-driven, error estimate for each IP gate. The processing 
steps is successfully applied on authentic full field profile data sets acquired in environments with 
different sources of noise. With the model-based cancelling of harmonic noise, the first usable IP 
gate is moved one decade closer to time zero. Furthermore, with a Cole-Cole background drift 
model the shape of the response at late times is accurately retrieved. In total, this processing scheme 
achieves almost four decades in time and thus doubles the available spectral information content 
of the IP responses compared to the traditional processing. 

 

Keywords 
Spectral induced polarization; Time-domain; Signal processing; Uncertainty estimation; Electrical 
properties; Tomography  
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Introduction 
Recently, the interpretation and inversion of time-domain induced polarization (TDIP) data has 
changed. Research is moving from only inverting for the integral changeability to also consider the 
spectral information and inverting for the full induced polarization (IP) response curves. Several 
examples of spectral TDIP applications for different purposes have been presented (Auken et al., 
2014; Doetsch et al., 2015; Gazoty et al., 2013, 2012; Johansson et al., 2015). Furthermore, efforts 
have been made to achieve faster acquisitions and better signal-to-noise ratio (SNR) by using a 
100% duty cycle current waveform, without current off-time, for TDIP measurements (Olsson et 
al., 2015). However, there still remains drawbacks for the spectral TDIP measurements, especially 
its limited spectral information content compared to for example laboratory frequency-domain 
spectral IP measurements (Revil et al., 2015). To date, only limited work has been done on 
increasing the spectral information content in TDIP measurement data even though recent 
developments in TDIP acquisition equipment have enabled access to full waveform recordings of 
measured potentials and transmitted current (e.g. the Terrameter LS and the Elrec Pro). This paper 
presents a full waveform processing scheme for handling multiple issues limiting the spectral 
information content. These issues are handled separately starting with background drift removal 
which is followed by identifying spikes, harmonic denoising, spike removal, tapered gating and 
uncertainty estimation. 

Background drift in TDIP data can have multiple origins, for example: natural potential difference 
in the subsurface, electrochemical electrode polarization (if not using non-polarizable electrodes) 
and current-induced electrode polarization (if using same electrodes for injecting current and 
measuring potentials). The current-induced electrode polarization drift can be orders of magnitude 
larger than the signal (Dahlin, 2000), thus it is crucial to compensate for this background drift to 
accurately retrieve the shape of the IP response and be able to extract the spectral IP information 
from TDIP measurement of the subsurface. The drift is traditionally corrected with a linear 
approximation (Dahlin et al., 2002; Peter-Borie et al., 2011) which for DC and integral 
chargeability measurements often can be good enough but when evaluating the spectral IP 
information a more accurate approximation is needed. This paper presents an improved background 
drift estimation method using a Cole-Cole model. This model is known to accurately describe 
polarization effects and is capable of handling both linear (with long Cole-Cole time constants) and 
more complex non-linear drift cases such as the current-induced electrode polarization. 

Spikes originating from anthropogenic sources such as electric fences for livestock management 
can be registered by TDIP measurements. These spikes can cause problems when extracting IP 
information, and especially spectral IP from measured field data. For conducting more advanced 
signal processing of the measured TDIP data it is also important to locate the spikes. This paper 
presents a novel and efficient processing scheme for enhancing and identifying the spikes with a 
series of filters on the raw potential signal and by implementing a flexible and data-driven threshold 
with the use of a Hampel filter (Davies and Gather, 1993; Pearson, 2002). 

Harmonic noise originates from the power supply sources oscillating at a base frequency (e.g. 50 
Hz or 60 Hz) and harmonics of this base frequency. In TDIP processing today, this is handled by 
introducing hardware low-pass filters in the instruments and/or with rectangular gating over full 
period(s) of the known base frequency (e.g. 1/50 s or 1/60 s) for suppressing household power 
supply frequencies at 50 or 60 Hz and its harmonics. However, the use of low pass filters or long 
gates causes a loss of early IP response information close to current pulse change and thus makes 
it more difficult to resolve spectral IP parameters. This is especially severe when the field 
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measurements are conducted close to electric railways in some countries (e.g. Austria, Germany, 
Norway, Sweden, Switzerland and USA) where the frequency of the power supply for the trains is 
even lower (16 ⅔ Hz or 25 Hz) which requires longer gates to suppress the harmonic noise. For 
the first time in TDIP, a well-known method for cancelling the harmonic noise in data from other 
geophysical methods (Butler and Russell, 2003, 1993; Larsen et al., 2013; Saucier et al., 2006) is 
successfully applied on full waveform data. This method models and subtracts the harmonic noise 
from raw full waveform potential data. Hence, it is possible to use gate widths that are shorter than 
the time period of the harmonic noise. The shorter gates in turn enable access to much earlier 
information of the IP response and significantly increase the spectral information by gaining gates 
one decade in time closer to the current pulse. 

 

Data acquisition: full waveform, sampling rate and aliasing 
To be able to apply the processing scheme described in this paper it is necessary to use an 
instrument that is capable of recording full waveform data of the measured potentials. The required 
sampling rate for the full waveform depends mainly on the desired width of the shortest gate and 
how close it should be to the current switch. Another consideration which is related to the input 
and filter characteristics of the instrument is that the sampling rate need to be sufficiently high to 
avoid any aliasing problem. The data presented in this paper were acquired with a 50% duty cycle 
current waveform and 4s on-time using an Terrameter LS instrument for transmitting current and 
measuring potentials. The instrument operates at a sampling rate of 30 kHz and applies digital 
filtering and averaging depending on selected data rate (Abem, 2011). A data rate of 3750 Hz, 
corresponding to approximately 0.267 ms per sample, was used for the measurements presented in 
the paper. The sampling rate was chosen for being able to have the first IP gate one millisecond 
from the current pulse, considering that earlier gates would certainly suffer from EM-effects which 
we at present want to avoid, it was not judged meaningful with earlier gates. The instrument input 
filters were modified with a 4th order Butterworth filter with cutoff frequency of 1.5 kHz to avoid 
aliasing. 

Two TDIP profiles (74 meter, 38 electrodes with spacing of two meter) were acquired on a grass 
field in downtown Aarhus, Denmark with presence of multiple noise sources common in urban 
environments. The profiles were acquired with the instrument and settings as described in the 
previous paragraph, a multiple gradient protocol (364 quadrupoles) and acid-grade stainless steel 
electrodes. Full waveform data were recorded for the full profiles and typical examples of raw full 
waveform potential for one acquisition are shown in Figs 1, 2, 4 to 6, 8 and 9 while the second 
acquisition is shown as pseudosections in Figure 10. The data example in Fig. 3 was taken from a 
survey recorded with a similar setup in a rural area in western Denmark using the same instrument 
and settings. 

 

Redesigned IP gate distribution 
For retrieving spectral information close to the current pulses there is a need for gates which are 
shorter than the time-period of the harmonic noise (i.e. shorter than 20 ms). This is achieved by 
applying a log-increasing gating scheme that compensates for changes of signal-to-noise ratio 
throughout the IP response (Gazoty et al., 2013). When the gates are wide enough (i.e. equal to or 
wider than 20 ms for the 50 Hz harmonic noise) the gate widths are rounded off to multiples of the 
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time period of the harmonic noise (Table 1, seven gates per decade). Thus, this gate distribution 
gives access to the IP response information more than one decade closer to the current pulse but 
still makes use of the efficient noise suppressing gate widths when possible. 

 

Table 1 

Figure 1 shows the resulting IP response (green) after gating according to Table 1 and stacking 
according to the standard procedure (Fiandaca et al., 2012) when using a linear background drift 
estimate and the IP response retrieved from the instrument (magenta). The re-gated IP response 
shows similar magnitude as the instrument supplied when the gates are multiples of 20 ms. 
Contrastingly, it exhibits an erratic behavior until the gate widths are multiples of 20 ms and 
suppress the 50 Hz harmonic noise. Clearly, the harmonic noise needs to be assessed to enable the 
use of gates shorter than 20 ms. Furthermore, the tail of both IP responses is increasing at the end 
as a result of the poor performance of the background drift removal when applying a linear drift 
model. Thus, to accurately retrieve the shape and spectral content of the IP response it is crucial to 
improve the drift removal by applying a more flexible drift model. 

 

Figure 1 

 

Signal processing 
During TDIP measurements the potential response of the subsurface due to the current injection 
needs to be determined. However, the potential measured in the field is composed of the sum of 
multiple, known and unknown, sources (Eq. 1, with sample index n). To get an accurate 
determination of the potential response it is essential to determine and compensate for as many of 
these sources as possible. 

௠௘௔௦௨௥௘ௗሺ݊ሻݑ ൌ ௥௘௦௣௢௡௦௘ሺ݊ሻݑ ൅ ௗ௥௜௙௧ሺ݊ሻݑ ൅ ௡௢௜௦௘ሺ݊ሻ	௛௔௥௠௢௡௜௖ݑ ൅ ௦௣௜௞௘௦ሺ݊ሻݑ ൅  ௢௧௛௘௥ሺ݊ሻݑ

Eq. 1 

The known noise sources in Eq. 1 (ݑௗ௥௜௙௧, ݑ௦௣௜௞௘௦ and ݑ௛௔௥௠௢௡௜௖	௡௢௜௦௘) are handled separately in 
the processing scheme described in this paper and applied in a sequential manner. The component 
 represent the effect of all other noise sources (e.g. random noise and quantization error) (௢௧௛௘௥ݑ)
and is not explicitly handled by the processing scheme even though for example the random noise 
is reduced by gating the data. The first processing scheme step is the drift removal which is 
followed by identifying spike samples, harmonic denoising, spike removal, tapered gating and 
uncertainty estimation according to: 

1. Drift removal 
2. Identifying and flagging spikes 
3. Harmonic noise subtraction 
4. Removal of spikes 
5. Tapered gating and uncertainty estimation 
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Given that the processing can accurately remove the background drift, harmonic noise and spikes, 
the processing output can be described by: 

௢௨௧௣௨௧ሺ݊ሻ	௣௥௢௖௘௦௦௜௡௚ݑ ≅ ௥௘௦௣௢௡௦௘ሺ݊ሻݑ ൅  ௢௧௛௘௥ሺ݊ሻݑ

Eq. 2 

thus decreasing the ambiguity of the resulting TDIP data by removing many components of the 
measured potential which are not representing the IP response (Eq. 2). For continuity, the different 
parts of the signal processing scheme in this section are presented using one full waveform potential 
(and current) recording, except for the despiking example (due to lack of spikes in the main full 
waveform potential data set. The processing scheme is implemented for both 50% and 100% 
current duty-cycle waveform and is parallelized in the computer software Matlab (2015b) and 
generally applicable on full profiles as exemplified with the pseudosections in the “Full field profile 
processing example” section which were acquired for the same profile. 

 

Cole-Cole model-based drift removal 
To get an accurate determination of the IP and DC potential, uresponse, from TDIP full waveform 
data, it is crucial to determine and compensate accordingly for the background drift (Dahlin, 2000; 
Dahlin et al., 2002). This removal is normally done by approximating the drift as a linear trend 
(Dahlin et al., 2002; Peter-Borie et al., 2011), even if a more advanced and flexible description of 
the drift could handle also non-linear cases such as current induced electrode polarization. The 
current-induced electrode polarization is known to be orders of magnitude larger than the signal 
(Dahlin, 2000) and is a common issue during field surveys due to difficulties of designing 
meaningful measurement sequences that account for all recent current injections. Electrode contact 
tests performed before initiating the TDIP measurements can also be a source for the current 
induced electrode polarization. The current-induced electrode polarization background drift is 
caused by a depolarization phenomenon which is known to be well described by the Cole-Cole 
model (Cole and Cole, 1941) and thus it is especially suitable for estimating the background drift. 
Three different background drift approximations, summarized in Table 2, are included: the first 
with a linear estimate, the second with a Cole-Cole estimate and the third with the instrument drift 
estimate which is also linear but with slightly different implementation. 

 

Table 2 

The fitting of the drift model parameters is conducted on an averaged and down-sampled subset of 
the potential full waveform signal. The averaging window is set to to a full period (e.g. 20 ms for 
50 Hz) of the fundamental frequency of the harmonic noise so that these harmonic oscillations are 
suppressed. Furthermore, to reduce the risk of any IP response interfering with the drift model the 
fit is conducted for a subset of the down-sampled signal, taken at the end of the off-time period for 
the 50% duty-cycle (Figure 1) and on-time period if applying a 100% duty-cycle current waveform. 

Figure 2 show examples of generated drift models, as well as the resulting IP responses after gating 
(see Table 1 for gate widths) and stacking the signal. In the drift model and full waveform plot 
(Figure 2 bottom), there is a relatively large difference between re-gated linear model (green) and 
the data for model fit (grey x-markers). Clearly, the linear model is not sufficient for accurately 
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describing the drift in the full waveform potential and as a result it gives unrealistic increasing 
chargeability values for late gates of the IP response (green line, Figure 2 top). Contrastingly, the 
Cole-Cole model (blue line, Figure 2 bottom) shows a good fit to drift data and consequently the 
resulting IP response does not exhibit the erroneous behavior at late gates. In total, it is clear that a 
linear drift model gives incorrect IP responses, especially at late times when signal-to-noise ratio 
is smaller and that a more advanced drift model such as the Cole-Cole is needed. 

 

Figure 2 

Removal of full waveform spikes 
Despiking of the measured full waveform signal is done for two main reasons. The first reason is 
that spikes in the full waveform data can corrupt the integrated values for IP gates. Since the spikes 
normally last for a fraction of millisecond, and have average close to zero (bipolar spikes), this 
problem is uncommon for long gates where all spike samples of an individual spike fall within the 
gate. However, for short gates consisting of a few samples, often only part of the spike falls within 
the gate thus having large effect on the integrated value. The second reason for finding the spikes 
in the full waveform data is related to the modelling of the harmonic noise and how the finding of 
noise model parameters is implemented in this paper which is known to be sensitive to spikes in 
data (Dalgaard et al., 2012). 

The method for finding the spikes described in this paper uses several steps to enhance the spikes 
in the signal and defines a data-driven, automatic threshold limit to determine if a sample index (n) 
is to be considered as spike or not:  

1. A simple and efficient first order high pass filter (Eq. 3) is applied on the full-waveform 
signal (ݑ௠௘௔௦௨௥௘ௗሺ݊ሻ, first row in Figure 3) for removing DC offset and enhancing spike 
visibility: 

ଶሺ݊ሻݑ ൌ ௠௘௔௦௨௥௘ௗሺ݊ሻݑ െ ௠௘௔௦௨௥௘ௗሺ݊ݑ െ 1ሻ 

Eq. 3 

2. The spike are further enhanced by applying a non-linear energy operator filter (Eq. 4) on 
the output from the first step (ݑଶ, second row in Figure 3) and taking the absolute value: 

ଷሺ݊ሻݑ ൌ ଶሺ݊ሻଶݑሺݏܾܽ െ ଶሺ݊ݑ െ 1ሻ ∙ ଶሺ݊ݑ ൅ 1ሻሻ 

Eq. 4 

3. The signal u3 (black line, third row in Figure 3) is down-sampled by taking the maximum 
value within 20 ms segments, creating a data-driven threshold variable which accepts all 
samples. 

4. A Hampel filter (Davies and Gather, 1993; Pearson, 2002) is applied on the output from 
step 3. The Hampel filter computes the median of the sample and its neighbor samples (4 
on each side in our examples) and estimates the standard deviation (STD) using mean 
absolute deviation. If the sample value differs more than 3 STDs from median, the sample 
value is replaced with the median. Thus, this filter lowers the threshold value for large 
amplitude changes in the u3 signal. 
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5. The output from step 4 is interpolated with 1D linear interpolation for each sample index 
in u3. 

By applying the Hampel filter in this manner an automatic data-driven threshold variable along the 
full-waveform acquisition is defined, as shown in Figure 3 (third row, red curve). All the samples 
above the threshold are marked as spikes (Figure 3, red x-marker) and are neglected performing 
the calculations for the residual energy in the harmonic denoising procedure. 

 

Figure 3 

This routine identifies spikes in the full waveform potential during the on and off-time of the 
current injections (Figure 3, red x-marker) as well as spikes created by current switches (Figure 3, 
green x-marker). The current switch spikes are considered as spikes for the succeeding harmonic 
denoising (see Model-based cancelling of harmonic noise) but neglected when replacing the values 
of the spike samples. The despiking is done as a last step of the overall signal processing, after the 
cancelling of harmonic noise, by replacing spike sample values with the median of its 8 neighboring 
samples (4 on each side) in the processed potential. 

 

Model-based cancelling of harmonic noise 
The signal processing approach described in this section is similar to the processing successfully 
applied on data from other geophysical methods, for example magnetic resonance soundings 
(Larsen et al., 2013) and seismoelectrics (Butler and Russell, 1993) but it has in this case been 
adapted to be applicable for data from TDIP measurement. The method takes a model-based 
approach for processing the TDIP full waveform potential by describing the harmonic noise in 
terms of a sum of harmonic signals (Eq. 5). The different harmonic signals have frequencies given 
by a common fundamental frequency (f0) multiplied with an integer (m) to describe the different 
harmonics but have independent amplitudes (αm and βm) for each harmonic m: 

௡௢௜௦௘ሺ݊ሻ	௛௔௥௠௢௡௜௖ݑ ൌ෍൬ߙ௠ cos ൬2݉ߨ
଴݂

௦݂
݊൰ ൅ ௠ߚ sin ൬2݉ߨ

଴݂

௦݂
݊൰൰

௠

 

Eq. 5 

where αm and βm determines amplitudes and phases of a single cosine signal (Larsen et al., 2013). 
By accurately determining the noise model parameters it is possible to precisely describe the 
harmonic noise component of the measured potential and to compensate accordingly by subtracting 
the harmonic noise model from ݑ௠௘௔௦௨௥௘ௗ 

It is necessary to find the values for model parameters f0, αm and βm   in Eq. 5. These parameters are 
however not constant for the time-scale (tens of seconds to minutes depending on acquisition 
settings) of a TDIP measurement. The frequency can for example vary up to ±0.5 Hz in this time 
frame (Li et al., 2011). Furthermore, a fundamental frequency estimate which deviates with only 
some millihertz from the optimal value will reduce the noise cancelling efficiency (Larsen et al., 
2013), so a more advanced method is needed for applying the model-based harmonic denoising 
method on TDIP data. To handle this issue, the raw full waveform potential is divided into shorter 
segments so that the variation within the segments can be considered small. However, it is not 
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suitable to use too short segments since enough information is needed to be able to accurately 
determine the values of the model parameter. Butler and Russell (1993) shows that the error of the 
estimated model parameters decreases with increasing segment length and also point out that the 
best estimates of model parameters are achieved when the segment length is a multiple of the period 
of the fundamental frequency (e.g. 20 ms multiples for f0=50 Hz). This means that the selection of 
segment length is a trade-off between a short segment length to make sure that the model 
parameters are not changing too much and a long segment length to enable an accurate estimate of 
the parameter values. To compensate for this limitation, the segments of the TDIP signal are 
allowed to overlap so that it is possible to make dense temporal estimates of the model parameters 
but still having long enough segments. Experience from processing several different TDIP data 
sets has shown that a segment length including overlap in the range of 200-300 ms is suitable to 
achieve good processing results. For the processing in this paper a segment length of 220 ms and 
overlap of 20 ms was used. 

After segmenting the full waveform potential the finding of the noise model parameters is done by 
minimizing the residual energy ܧ௥௘௦௜ௗ௨௔௟ after subtracting a temporary harmonic noise model from 
the recorded full waveform potential segment: 

௥௘௦௜ௗ௨௔௟ܧ ൌ ෍ሺݑ௠௘௔௦௨௥௘ௗሺ݊ሻ െ ௡௢௜௦௘ሺ݊ሻሻଶ	௛௔௥௠௢௡௜௖ݑ

௡

 

Eq. 6 

The minimum residual energy for each segment is determined with an iterative approach using 
golden section search and parabolic interpolation for minimizing the residual energy by changing 
the fundamental frequency within a given interval around the expected frequency (e.g. 50 ± 0.5 
Hz). For each of the tested frequencies the αm and βm parameters are determined using a least-
squares routine and a temporary noise model is constructed according to Eq. 5. For processing 
efficiency, a subset of the harmonics is used for the noise model when determining fundamental 
frequency. The subset is chosen by taking the mhigh harmonics with the highest estimated power 
spectral density energy compared to the baseline (green circle marker in Figure 4, mhigh=10) so 
that harmonics with no or little energy are not modelled. After identifying the fundamental 
frequency for a segment, the αm and βm parameters are recalculated for all harmonics up to fs/2, 
i.e. half of the sampling frequency. Finally, the parameters are interpolated by using the values of 
the nearest segment and a full noise model is calculated for each sample in the potential signal 
(Figure 5) by evaluating Eq. 5. 

Figure 4 shows the estimated power spectral density for a full waveform potential recording before 
and after applying the harmonic denoising. The original signal (black) exhibits distinct peaks of 
energy at 50 Hz and integer multiples of this frequency corresponding to the harmonics. In the 
corresponding energy estimate after the harmonic denoising (red) the energy peaks have been 
reduced to the baseline energy as a result of modelling and subtracting the harmonic noise. The 
remaining energy peaks after harmonic denoising (e.g. at approximately 430, 530, 630 and 780 Hz) 
are not harmonics of the 50 Hz household power supply and thus not removed by the processing. 
However, these energy peaks can be partially removed by applying a sequential harmonic 
cancelling with also 16⅔ Hz as fundamental frequency but due to their unknown source(s), the 
model-based harmonic cancelling might not be applicable and thus these results are not presented 
in this paper. 
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Figure 4 

 

Figure 5 

Figure 6 shows an example of fully processed full waveform potential, raw full waveform potential 
and injected current (top). A clear improvement can be seen when comparing the raw full waveform 
potential with the processed potential, neither the background drift nor the harmonic oscillations 
are noticeable in the processed full waveform potential. The resulting IP response when including 
the harmonic denoising in the processing (Figure 6, bottom, blue line) shows a clear improvement 
compared to the IP response with same processing but without the harmonic denoising (black). The 
erratic behaviors for early gates is removed and the magnitude of the IP response is gradually 
decreasing already from the third gate. These improvements extend the first usable spectral IP 
information to around 2 ms after the current pulse. The first two gates show an unexpected behavior 
with increasing values also after applying the harmonic denoising, this is due to potential spikes 
present close to the start of current off-time (black line, Figure 6 top). 

 

Figure 6 

 

Tapered gate design and error estimation 
Today, the standard procedure for gating IP is to average the data within the predefined IP gates, 
corresponding to a discrete and normalized convolution with a rectangular window. In other 
geophysical methods (e.g. electromagnetic) a gate method applying different kinds of tapered 
windows have been used since decades (Macnae et al., 1984; Mccracken et al., 1986). One reason 
for using tapered window functions is that the suppression of high frequency noise is superior 
compared the rectangular. Furthermore, the tapered windows allow the use of wider gates which 
has higher noise suppression, without distorting the signal. An example of this effect is seen in 
Figure 7, comparing a rectangular window with a wider (3.5 times) Gaussian window in time-
domain and frequency-domain. In frequency-domain, the main lobe of both windows cuts at 
approximately the same normalized frequency but the side lobes of the Gaussian have around 40 
dB order of magnitude of suppression. This corresponds to an order of two difference in noise 
suppression, thus the Gaussian window is superior in reducing the noise contribution from higher 
frequencies compared to the rectangular window. 

 

Figure 7 

Uncertainty estimation of the data for individual IP gates cannot be retrieved by directly comparing 
the individual IP stacks because each individual stack is different due to superposition from 
previous pulses (Fiandaca et al., 2012), hence other approaches are needed. It is also desirable that 
an uncertainty estimate make use of the advantage of applying the convolution with tapered gates 
as described in this paper. If enough gates per decade are used for gating the data, the signal 
variability is almost linear within the gates and for IP signals the linearity is more evident in lin-
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log space. Thus, it is possible to use a linear fit of the convoluted gate in lin-log space for estimating 
the gate uncertainty by taking the difference between the fit and the convoluted gate data. The 
difference gives a measure of the noise content within the gate after the convolution. In fact, 
whenever the noise level is low and enough gates per decade is used (i.e. normally seven to ten), 
the misfit is negligible. Contrastingly, if random noise or residual harmonic noise is present the 
gate misfit between the convoluted signal and the linear fit represents a measure of the gating 
uncertainty. By using the convoluted gate signal for estimating the uncertainty, the measure takes 
into account the convolution used in the processing. 

Figure 8 demonstrates the different steps for estimating the gating uncertainty (STDgating, Eq. 7 and 
Eq. 9) for each gate using gate number eight as example. As the first step, the full waveform IP 
gate data processed with Cole-Cole drift removal, despiking and harmonic denoising are stacked 
according to standard procedure (blue line). After stacking, the processed and stacked data are 
convoluted with a Gaussian window (3.5 times gate width) of logarithmically increasing window 
widths for each gate (magenta line). In the next step, a linear fit of convoluted signal is done in lin-
log space (green line), since the IP response signal is more linear compared to other log/lin 
combinations. Next, the integrated IP value for the gate is retrieved by evaluating the linear fit at 
the log-center of the gate (red x-marker). Lastly, the gating STD on the value (red error bar) is 
computed as a sum of the misfit between convoluted data and linear fit for all samples (Ngate samples) 
as follows in Eq. 7: 

 

௚௔௧௜௡௚ܦܶܵ ൌ ඩ 1

௚ܰ௔௧௘	௦௔௠௣௟௘௦
෍ ሺܿ݀݁ݐݑ݈݋ݒ݊݋	ܽݐܽ݀ሺ݊ሻ െ ሺ݊ሻሻଶݐ݂݅	ݎ݈ܽ݁݊݅

ே೒ೌ೟೐	ೞೌ೘೛೗೐ೞ

௡ୀଵ

 

Eq. 7 

 

Figure 8 

The uncertainty due to gating the data is not the only possible source of error in the processing. As 
shown in Figure 2 also the background drift removal can have a large impact on the resulting IP 
responses and the fit of the drift model gives a useful measure of the remaining drift uncertainty. 
Similarly to the estimation of gating uncertainty, the drift uncertainty (STDdrift) is estimated from 
the sum of misfit between drift data (grey x-marker in Figure 2) and Cole-Cole drift fit (blue line 
in Figure 2) for all drift data samples (Ndrift data) according to Eq. 8. 

ௗ௥௜௙௧ܦܶܵ ൌ
1

ௗܰ௥௜௙௧	ௗ௔௧௔

ඩ ෍ ሺ݀ݐ݂݅ݎ	ܽݐܽ݀ሺ݇ሻ െ ሺ݇ሻሻଶݐ݂݅	ݐ݂݅ݎ݀
ே೏ೝ೔೑೟	೏ೌ೟ೌ

௞ୀଵ

 

Eq. 8 

The total uncertainty (STDtotal) is computed by summing up the gating, drift and a uniform STD 
according to Eq. 9. 
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௧௢௧௔௟ܦܶܵ ൌ ටܵܶܦ௚௔௧௜௡௚
ଶ ൅ ௗ௥௜௙௧ܦܶܵ

ଶ ൅ ௨௡௜௙௢௥௠ܦܶܵ
ଶ  

Eq. 9 

 

Finally, Figure 9 shows the processed IP response in terms  of values and relative total STDs with 
5% of uniform STD and also the IP response as given by the instrument. The STD error bars 
increase at early times since the gates are shorter which gives higher STDgating while at late times 
the drift uncertainty increases and STDdrift contributes more to the total gate STD. Note that error 
bars with the total error captures the fluctuations in data well if the first two gates are disregarded. 
These two first gates are considered to be artefacts created by the potential spikes at the end of 
current pulses (Figure 2 and Figure 6). Moreover, the first reliable gate (gate number 3) corresponds 
to approximately two ms after the current pulse compared to 20 ms for the instrument output. In 
total with the processing described by this paper, 23 usable gates are achieved giving six new gates 
at early times corresponding to almost one decade in time and five gates at times where the 
instrument response presents a bias due to the poor performance of its linear background drift 
removal. 

 

Full field profile processing example 
The processing scheme presented by this paper has been successfully applied to the entire test 
datasets with substantial improvements in spectral information content, data reliability and quality. 
One of the datasets is presented here as an illustration. Figure 9 shows IP responses from instrument 
processing (magenta, instrument output) and the redesigned processing scheme presented by this 
paper (blue). The spurious IP increase present at late times in the response retrieved by the 
instrument is removed in the reprocessed IP response as a result of the improved drift removal. At 
the same time, the harmonic denoising processing enables to retrieve reliable IP data already two 
ms after the current switch, one decade closer to time zero compared to classic IP processing. 
Altogether, the proposed processing scheme doubles the spectral content of the reprocessed 
response compared to the instrument IP processing. 

 

Figure 9 

Figure 10 shows pseudosections for a full data set acquired on the same profile as the previous data 
example (except Figure 3) was extracted from. It shows IP gate 3, 6, 9, 12, 18 and 25 from IP 
responses generated by the full signal processing routine described by this paper and corresponding 
pseudosections for the same gates but only applying the linear background drift removal. For the 
early gates which are not a multiple of the time period of the harmonic noise (gate 3, 6, 9 and 12) 
there is a clear improvement with much smoother pseudosection from gate 3 (center gate time 2.2 
ms) and higher. This suggests that with some minor visual inspection and manual filtering, IP data 
can be used already 2.2 ms after the current pulse is turned off or changes polarity, thus moving 
the first gate approximately one decade closer to the pulse compared to the traditional IP processing 
(10 ms delay time, and a first gate width of 20 ms giving a center gate time of 20 ms). Contrastingly, 
IP gate number 18 which is a multiple of the time period of the harmonic noise and hence little 
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affected by the background drift removal (Figure 2 top) shows very similar pseudosections for the 
two processing examples. However, the pseudosections for the last IP gate (25), which is known 
to be affected by the applied drift model again show some differences. This difference is due to the 
sensitivity of the late gates for different background drift estimates where the linear drift model 
sometimes causes the IP responses to increase at late times. Again, the improved processing with 
Cole-Cole model drift estimate shows smoother variation in the pseudosection, especially for the 
left side of the pseudosection. 

Figure 10 

 

Conclusion 
The TDIP signal processing scheme described in this paper significantly improves the handling of 
background drift, spikes and harmonic noise superimposed on the potential response in the 
measured full waveform potential. The Cole-Cole background drift removal substantially increases 
the accuracy of the drift model for non-linear drift cases and recovers the shape of the IP response 
at late times with less bias. The reliability of early IP response times, down to a few ms, is generally 
increased with a flexible data-driven despiking algorithm and model-based harmonic denoising. 
Furthermore, the improved gate distribution and tapered design gives access to early spectral IP 
response information and overall increases the signal-to-noise ratio by applying tapered and 
overlapped gates without distorting the IP response. Additionally, the data driven uncertainty 
estimates of the individual IP gate values provides valuable information for assessing data quality 
and for succeeding spectral inversion. In total, this processing moves the first gate one decade 
closer to time zero, recovers the late gates with reduced bias and supplies valuable estimates of IP 
gate uncertainty. These improvements double the usable spectral information of the IP response, 
achieving almost four decades in time, compared to current instrument processing procedure. 

Nonetheless, the presented processing scheme includes assumptions and possible problems. The 
parameters of the harmonic noise model are assumed to be constant within each segment, rapidly 
varying parameters will not be modelled or compensated. In addition, the background drift models 
account for smooth varying DC offsets, faster variations (e.g. generated by subways running on 
DC) are not modelled. On the other hand, processing scheme modules could possibly be upgraded 
or added to handle also these noise conditions. 

The processing scheme presented by this paper has been successfully applied on the test datasets, 
which originate from both urban and rural field sites, with substantial improvements in spectral 
information content, data reliability and quality. This development of increase in data reliability 
and information content is broadening the possibilities and applicability of the spectral TDIP 
method in the field. Furthermore, it is a promising development for research linking together lab 
and field measurements and also for extending the use of the method as a standard tool outside the 
research community. 
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Tables 
Table 1. Duration of delay time and IP gates for the processed field data corresponding to seven 
gates per decade. Note that gates from 13 and higher has widths which are multiples of 20 ms. 

Gate number Delay 1 2 3 4 5 6 7 8 9 10 11 12 
Width [ms] 1 0.26 0.53 0.80 1.06 1.33 2.13 2.93 4 5.33 7.46 10.4 14.4 
Gate number 13 14 15 16 17 18 19 20 21 22 23 24 25 
Width [ms] 20 20 40 60 60 120 120 180 300 360 540 780 1020 

 

 

Table 2. Drift models included in the paper. Descriptions with sample index (n), linear coefficient 
(a), DC offset constant (d), sampling frequency (Fs), chargeability (m0), relaxation time (τ), 
frequency exponent (c) and Euler’s Gamma function (Γ): Γሺxሻ ൌ ׬ y୶ିଵeି୳ dy

ஶ
଴

. Plot colors for 
subsequent relevant figures are also summarized. 

DRIFT MODEL DESCRIPTION PLOT COLOR 
Linear ݑௗ௥௜௙௧ሺ݊ሻ ൌ ܽ݊ ൅ ݀ Green 

Cole-Cole ݑௗ௥௜௙௧ሺ݊ሻ ൌ ݉଴෍ሺെ1ሻ௝ ൬
݊
௦ܨ߬

൰
௝௖

ሺ1߁ ൅ ݆ܿሻିଵ
ஶ

௝ୀ଴

൅ ݀ Blue or black 

Instrument supplied Linear Magenta 
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Figures 

 

Figure 1. An IP response binned with gates that are multiples of 20 ms and delay of 10 ms 
(magenta, instrument output) and a re-gated IP response according to Table 1 and linear drift 
removal (green data points indicated by o-marker are negative). Note that the green response 
exhibits erratic behavior in the beginning while the gates are not multiples of the time period of the 
harmonic noise. Also note that the tail of both IP responses shows an increase in chargeability. 
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Figure 2. Bottom: 50% duty cycle raw full waveform potential (black) and current (red), subset of 
the signal used for finding the drift model (grey cross marker) and different types of background 
drift models. Top: resulting gated IP-response curves (green: linear model, blue: Cole-Cole model. 
Negative values are marked with circles) if no harmonic subtraction is performed. Note that the 
resulting shapes of the IP-responses are dependent on used drift model, especially at the end of the 
response. 
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Figure 3. Identified spike samples of a full waveform potential signal (top), output from applied 
high pass and DC-offset removal filter (mid) and output from non-linear energy operator filter, 
spike samples and threshold value (bottom). Magnifications of the 7th identified spike (from 9.615 
to 9.645 s) are shown on the right. 
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Figure 4. Welch power estimate of a full recording of potential for one quadrouple: original signal 
(black), residual signal after noise cancellation (red). The green markers show identified energy 
peaks (cross marker) and harmonics used for finding the fundamental frequency (circle marker). 
There is a clear reduction of the energy at 50 Hz and its harmonics after the processing and the 
energy level is reduced to the baseline. The remaining energy peaks are not harmonics of the 50 
Hz. 
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Figure 5. Example of parameters for a harmonic noise model, showing the model for the 
fundamental frequency (top) and amplitude models for α and β for the fundamental frequency 
corresponding to Eq. 5 with m=1. 
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Figure 6. Full waveform current (red) and potential before (black) and after (blue) drift removal 
and cancelling of harmonic noise. The resulting IP responses with harmonic denoising shows clear 
improvement of the erratic behavior when including the harmonic denoising in the processing 
(bottom, blue line) compared to without (black). Model parameters examples and estimated 
spectral density can be seen in Figure 6 and Figure 5 respectively. 
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Figure 7. Time-domain and frequency-domain representation of rectangular (21 samples) and 
Gaussian (75 samples, σ=3) windows. Note that in frequency-domain higher frequenies is generally 
approximately 40 dB lower for the Gaussian window, corresponding to a factor of 100 difference 
compared to the rectangular window. 
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Figure 8. The different steps involved in tapered gating and error estimation for gate number 8 of 
the processing example. Final IP gate data with relative STD estimate of the gating corresponding 
to one STD are shown in red. 
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Figure 9. IP responses from instrument processing (magenta, instrument output) and the 
redesigned processing scheme presented by this paper (blue) with error bars corresponding to one 
STD (black lines). Note that the magnitude difference between the instrument and the reprocessed 
IP response increases at late times as a result of the poor performance of the instrument drift 
removal. This, together with enabling IP response information one decade closer to time zero by 
applying harmonic denoising and redesigned gating scheme doubles the spectra l content of the 
reprocessed response compared to the instrument processing. 
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Figure 10. Pseudosections for IP gates 3, 6, 9, 12, 18 and 25 (from top-down) for processed data 
without harmonic denoising and linear drift removal (left) and with harmonic denoising and Cole-
Cole drift removal (right) of full waveform data. The pseudosections without harmonic denoising 
with linear drift estimate shows an erratic behavior for all gates not multiple of the time-period of 
the harmonic noise as well as for the later gates due to poor performance of the linear background 
drift removal. Contrastingly, the processed data shows relatively smooth pseudosection already 
from gate 3 and an exceptional improvement for the later gates 6up to the 12th gate.  
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